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(- = Joel Grus @joelgrus - 26 Nov 2017 %
| \) BTW, if anyone wants me to give a talk on why Jupyter notebooks are bad and
‘ you should avoid using them, I'd love an excuse to write it.
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@ProjectJupyter

Replying to @joelgrus

Look for a Call For Proposal for #jupytercon

2018 early next year. We're not against
criticism! | can't guarantee it will be
accepted though. Is that enough of an
excuse ?
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Hello, world!

This notebook analyzes sample e-commerce data using Polars to calculate total revenue, units sold, and average customer satisfaction by product
oy category. It also showcases Livedocs features like real-time collaboration, native chart cells, and direct SQL on files, making it a comprehensive

wd

demonstration of data analysis capabilities within the platform.

Generate Sample Data

import polars as pl
import numpy as np
from datetime import datetime, timedelta

# Generate sample e—commerce data

np.random.seed(42)

days = 90

date_range = [datetime.now() - timedelta(days=x) for x in range(days)]

v data = pl.DataFrame({
'date': date_range x 4,
'product_category': np.repeat(['Electronics', 'Clothing', 'Home & Garden', 'Sports'], days),
'revenue': np.random.gamma(shape=2, scale=1500, size=daysx4).round(2),
'units_sold': np.random.poisson(lam=25, size=daysx4),
'customer_satisfaction': np.random.beta(a=8, b=2, size=days*4).round(3)
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# Quick preview
print(f" ] Generated {len(data):,} rows of sample e-commerce data")
data.head(10)
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Il Generated 360 rows of sample e-commerce data

date product_category revenue units_sold customer_satisfaction
datetime[pus] str 64 i64 64

2025-11-02 04:41:25.499255 "Electronics" 3590.52 24 0.651

2025-11-01 04:41:25.499261 "Electronics" 2241.7 32 0.792

2025-10-31 04:41:25.499263 "Electronics" 2073.43 26 0.872




Company Name

{} D> v User ID {} D> v Reliability

Company Name User ID Minimum reliability

Acme Inc 5121 o 0 ! 2 3

Region
input_1 1 input_2 1 1 re
reg
Results
1 SELECT * FROM audit_logs.csv WHERE company_name = ‘{{input_1}}';
timestamp user_id action company_name ip_addr Employe
2025-01-01T17:47:23.826393 51746385 EXPORT_DATA Acme Inc 61139.82.146 ; SE
2025-01-20708:02:30.622162 95214362 UPDATE_SETTINGS Acme Inc 62.26.134.247 j en
in
2025-01-02T05:01:12746899 71667167 DELETE_USER Acme Inc 95.126.206.226 o | WH
Inputs DAG dat
Transform data into decisions with advanced NLP, 2025-02-03T19:18:28.504380 95214362  UPDATE_SETTINGS ~ Acme Inc 236.178.229.134 Transform data into decisions with advanced NLP,
embeddings, and machine learning—zero coding, 2025-01-15T19:42:02124048 71667167 VIEW_REPORT Acme Inc 226.6172.110 embeddings, and machine learning—zero coding,
instant outcomes. Accelerate your workflow with instant outcomes. Accelerate your workflow with
; _ , ; 2025-01-17T21:33:16.388253 673971743  LOGIN Acme Inc 25.40.31161 ; _ _ :
cutting-edge NLP and machine learning—no code, just cutting-edge NLP and machine learning—no code, just
results 2025-02-12T07:55:37.977398 96459761  DELETED_USER Acme Inc 113.2183.254 feciite Average
; ’ ver
dataframe_O 1 1 av
dat

No more boilerplate code

Save hours every week by using Deepwork Al to write queries, build charts,
and fix bugs.

Explain your \
Run advanced NLP, e
code, instant results.

Built for speed

Run advanced NLP, embeddings, and ML—no
code, instant results.

Instantly familiar
Schedule notebooks to run hourly, daily, weekly, or monthly.

Gotham |$8+G Datasets for Growth D> v
o 1 # Unique users per day Calculate Derived Metrics
Sales Growth w é} C> > v 2 unique_users = df.groupby(df.index.date)[ 'use
3 # Avoid divid
SELECT 4 # Bounce rate df["CTR"] = ¢ =
department, COUNT(employee_id) AS employee_count, 5  bounce_rate = df[df['p;Ennﬁoyeedaua ©OHRY D v df["eCPC"] =

(

# Check value.
df[["CTR", "Con

AVG(salary) AS avg_salary
FROM employees
GROUP BY department
GROUP BY avg_salary DESC;

SELECT

department,
COUNT (employee_id) AS empoyee_count,
AVG(salary) AS avg_salary

Result Collapsed ;
3
4
5  FROM
6
7
8
9

coONO Ol h~ WDNHK

df = df.copy()

ﬁ Compare last year sales with and with out users @ < X employees
GROUP BY
department
GROUP BY

avg_salary DESC;

df 12



Projected headcount

livedocs.get(“region™)

Employee count

department, join_date,

end_date, COUNT(employee_id) FROM
invoices

WHERE department

Current staff

“{{region}}”

Deploy data apps

Transform data into decisions with advanced NLP,
embeddings, and machine learning—zero coding,
instant outcomes. Accelerate your workflow with
cutting-edge NLP and machine learning—no code, just
results.

Transform data into decisions with advanced NLP,
embeddings, and machine learning—zero coding,
instant outcomes. Accelerate your workflow with
cutting-edge NLP and machine learning—no code, just
results.

Current employees

Average tenure

avg_duration (dataframe_1["end_date"] - dataframe_1["join_date"]).mean()

0 O = Z2

We

Ordare

Secret

Run advar

Cache
Run advanced NLP, embeddings, and ML—no

Beautiful charts
Run advanced NLP, embeddings, and ML—no

Explain your work

Run advanced NLP, embeddings, and ML—no
code, instant results.

Built for speed

Run advanced NLP, embeddings, and ML—no

code, instant results. code, instant results. code, instant results.

code, inst

Company Metrics

Travel history

Secret Dats

SELECT Name, Language, Country FROM

Calculate Derived Metrics

api_l

travel. json WHERE frequency > 1;

# Avoid divi Language Country

api_ke

df["CTR"] = « ./ Explain this cell

df["eCPC"] =

ressions

Esther Howard

() Add to chat J1. Stacked bar

SECRETS

# Check valueeo Ralph Edwards Spanish Aland Island

OPENAI_

df[["CTR", "Conversion_Rate",

Brooklyn Simmons Canada

oO~NOOTE~ WN K

df = df.copy()

AUTH_TC

Theresa Webb

S3_CREL

Scale Type Darlene Robertson

Ascending v Cameron Williamson Portuguese




Effortless Al

Run advanced NLP, embeddings, and ML—no code, instant results.

Live / Sale
doc S

< Cells

Customers EE
Sales Report (O1)
Name Langu Cou
Worf age try Q1 sales report capturing a strong start, breakthrough wins, : _ _
Klingon Review i Add COlumn Wlth AI
Daenerys Hait ) '
Targaryen \H/igllh. Tab1 i Tab2 @ + Addtab Feels modern and fast. Finally, a big . Column name
s upgrade from all the clunky apps out

review_sentiment

Weekly orders H Week Sales growth there...

|
Support team was super responsive Input column
when | hit a snag. Huge help

review v
o |
) Has everything | need, zero setup, no
Deploy data apps < ’ ' -
ptoy PP o drama. Just works. Function
Transform data into decisions with advanced NLP, . .
: . . : Gotham has changed my life! | Sentiment analysis e
embeddings, and machine learning—zero coding, Week ol oa '
Otal cales
instant outcomes. Accelerate your workflow with Would love more integrations, but what'’s (I3 Add column
; / / / Customer review analysis s
cutting-edge NLP and machine learning—no code, just Sales here works flawlessly
results. &) 04- Ope $5678.90

mini nAl

Analyze the given customer reviews and
provide a clear sentiment classification

Schedule notebooks

Schedule notebooks to run hourly, daily, weekly, or monthly.

Variables

Run advanced NLP, embeddings, and ML—no
code, instant results.

Secrets

Run advanced NLP, embeddings, and ML—no
code, instant results.

Cache

Run advanced NLP, embeddings, and ML—no
code, instant results.

Travel history _;zb 1.2 D v

Secret Data > v Variables > v Trigger schedule
SELECT Name, Language, Country FROM _ ' _
travel.json WHERE frequency > 1: 1 api_key = livedocs.secrets("api_key") 1 last_run = livedocs.get_var('last_run_time Daily o
Name Language Country —_ last_run O
Esther Howard English Haiti At Timezone
CECRETS NAME TYPE VALUE
Ralph Edwards Spanish Aland Island ope dataf | str [SECRET V. 11:30 AM v - |
Brooklvn Si o NA wesnsrnsnnins | @ GMT-08:00 Pacific Standard Time (PST) %
ooklyn Simmons Hindi Canada - e { Str ADDRESS
KEY =
Theresa Webb English Poland des @ Dateframe OBJECTID
AUTH @ Notify me
Darlene Robertson Arabic USA o~ ; Get notified when the doc is run

Cameron Williamson Portuguese Iceland

S3_C




_ Available Memory é F é F ‘
Quarter 61.2 / 64 GB (16 vCPU) %
& Managed notebooks '/ Wo rLds

Fully managed, zero setup

Local Runtime
Bring your own computer

Cluster
a a [ B B
Chart saL Query py Python 1 Text BB Table Connect to a custom environment

16 cells B25 &24,500 O al6i1.268 @
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$ livedocs launch



£2 September Changelog o &7 Livedocs | Collaborative Daty X
'ﬁ' .r"- l'__ai . :L |,__E i__" Work

€ = T o = livedocs.com/arsinb/new-doc-301h-sep-7db7BBed-1026-4b60-923d-adB4e24d7709 edit
ﬂ slan 3 | Mew doc - 30th Sep - App [ir Share > Run  ~w
v 4
) # Start ti
= Bulld from scratch or work with your Al co-gclentist
<
AL
Drop vour file hera or ask Livedocs Al anvthing about your data
-Tl.
% lumpstart; Explore Oata (<! Viguadize Trends = Find Top Branches i Predict House Prices

— Blank doc 2 Query with DuckDE % Database writeback 4% Fetch AP| data

OR BRING IN YOUR DATA

i " . } . - N
1 r i | | =N | . i j 3
LOTINEEL YOUT Balabase  LUDIGED 8

; l.Chat  @guery  @Python  TrText  @BTable -

B g2 17 . 156288 @

i Edit meoxie Tatminal o]



oh, and one more thing...
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Lefs jam!

FRED AGAIN. .

4[| B || P

KANYE WEST

FRED AGAIN. .

KENDRICK LAMAR

NUSRAT FATEH ALI KAHAN
STAN MATTINGLY



