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The Problem

Your Lake Has the Data. 

Your Model Needs It in Milliseconds. 

Who owns the path between?



Why Production ML breaks

Training-Serving Skew

Offline transforms ≠ online 
transforms.Silent correctness 

failures in production.

No Feature Reuse

Teams rebuild the same 
features for every new model. 

Zero discoverability.

Duct-Tape Infrastructure

Data processing + lake + 
warehouse + cache + vector 

DB -  stitched together by 
convention.



What is Feature Store ?



Define once. Train offline. Serve online.



Feast: The Missing Data Layer 

• Central Registry - discover, 
version, and govern features

• Dual storage - offline for training, 
online for inference

• Point-in-time correct joins - no 
data leakage

• Materialization syncs batch 
compute to low-latency serve

• Build once, reuse across models 
and teams



Lakehouse/Warehouse Native

Do I need to migrate my data into Feast?

Feast integrates with what you already run.



Feast Architecture 



Feast in AI/ML Lifecycl





Run it on Kubernetes

One CR  |  Full Stack  |  Day-2 Ready



Batch to Online on Kubernetes



Observe Everything

Metrics  |  Traces  |  Lineage



If You Cannot See It, You Cannot Scale It



Metrics



Traces



OpenLineage Integration



Scale Without Surprises

HPA  |  KEDA  |  PDB |  HA



Scaling & High Availability



RBAC (Role based access control)

Governance  |  Multi-tenancy  |  Isolation





Compute Engine

Ray | Spark | Flink



Compute Engines: DAG Execution



Compute Engines: Spark & Ray



GenAI & RAG
Batch ML  |  Real-time ML  |  RAG  |  One stack 



GenAI, RAG & MCP



Feast in Open Data Hub

Model Serving

Dashboard Data Science Projects Admin Features Model RegistryHardware Profiles

Bias/Fairness 
metrics

Triton*, MLserver*

Model Serving

MaaS

LLM-DFeature Store

Model Development, Training & Tuning Models

Performance 
metrics

Operations metrics

Quality metrics

Serving Engines

Serving Runtimes

KServe

vLLM

OpenVINO

Custom

Distributed Workloads

Kubeflow
Trainer

Workbenches

Training Runtimes

ISV, Custom (BYO)

Ray

● Minimal Python
● PyTorch
● VS Code
● Rstudio

KubeRay

Granite Models

Validated 3rd party  
models

Pipelines

Kubeflow 
Pipelines

Accelerators

AMD
ROCm

NVIDIA
CUDA

Intel
Gaudi

● TensorFlow
● JupyterLab
● TrustyAI

PyTorch

CodeFlare SDK Custom (BYO)

Kubeflow Notebooks 

GenAI Orchestration

OGX

RAG

MCP

GenAI Studio

AI Hub

Model Catalog

Model Registry

Guardrails

TrustyAI: AI Safety

Feature Store

SDG  & Training

MLFlow

LLM Compressor

GuideLLM 
Benchmarking



Feast in Open Data Hub



Feast in Open Data Hub



Monitoring



Monitoring



Monitoring



Native MLFlow integration



Resources

■ https://feast.dev/ 
■ https://github.com/feast-dev/feast 
■ https://opendatahub.io/
■ https://docs.feast.dev/master/how-to-guides/

production-deployment-topologies 
■ Join us at  feastopensource.slack.com 

https://feast.dev/
https://github.com/feast-dev/feast
https://opendatahub.io/docs/working-with-machine-learning-features/
https://docs.feast.dev/master/how-to-guides/production-deployment-topologies
https://docs.feast.dev/master/how-to-guides/production-deployment-topologies
http://feastopensource.slack.com


Thank You!
Questions? 


