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Inference vs Serving



Primary Focus 

• High-throughput text 
completion and 
broad model 
support.

Core Innovation

• Paged Attention

• VRAM fragmentation 
management

Workflow

• Standard prompt-in, 
token-out APIs

Best for

• Bulk processing, 
high-traffic generic 
APIs, and diverse 
model needs.

vLLM Primary Focus

• Complex workflows, 
agents, and 
structured 
generation

Core Innovation

• Radix Attention

• Chunked prefill refix-
sharing across 
requests

Workflow

• Specialized 
language for 
controlling agent 
execution and JSON 
output.

Best for

• Multi-turn chat

• RAG and AI agents 
with repeated 
context.

SG 
Lang Primary Focus

• Multi-model and 
multi-framework 
enterprise 
orchestration

Core innovation

• Dynamic batching 
and multi-framework 
integration

Workflow

• Integrates via 
custom C++/Python 
backends or 
specialized wrappers

Best for

• Deploying varied AI 
workloads (like CV, 
NLP, and audio) in 
one unified 
infrastructure.

Triton

Inference Runtimes Compared



What is an Inference stack ?



Aggregated vs Disaggregated Serving



vLLM Production Stack



Deploying the Stack



Sleep and Wakeup Mode



NVIDIA Dynamo

The same disaggregated topology runs on whichever engine fits the workload



Scale to Zero

KEDA drops idle deployments to zero replicas and wakes them on the first request.



Benchmarking with AI Perf

NVIDIA AIPerf drives load against the live endpoint and reports what users actually feel.



AI Perf – Live Run

To measures the performance of generative AI models served by preferred inference solution.



Observability

Every replica reports to Prometheus. Grafana shows the whole fleet in real time. Requests, latency, and GPU utilization all fall

away together as the deployment drains and scales to zero exactly the behavior we want.



What’s Next?

16 Racks 2 ARM64 / Grace CPU’s per node

18 nodes per rack 4 Blackwell GPU’s per node
72 Blackwell & 36 Grace per rack 6-10x H200 performance each

Water cooled Unified memory architecture

• Deploy any Inference workload from UI

• Fractional GPU, Distributed Inference & Monitoring

NVIDIA Enterprise AI Factory
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