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The Irreplaceable 40%

Confidence Engineering

AI-Assurance + Confidence Asymmetry 

Jonathon-Wright.com
Chief AI Officer (CAIO)
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The Irreplaceable 40%:
AI-Confidence Engineering
The Confidence Asymmetry

linkedin.com/in/automation youtube.com/@JonathonWright x.com/Jonathon_Wright

30
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Are you part of the Irreplaceable 40%?
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Am I part of the Irreplaceable 40%? 
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Automation Cyborg 

Four Decades in Automation – 30 years ago 
Started in Automation in the early 90s with XRunner / WinRunner with 
patents around ‘Hybrid-Automation Framework’ in 1999

“sent back in time, to save the world from bad software!”
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< >
< > HOME   Automation Cyborg 

Automation Cyborg 

Four Decades in Automation – 30 years ago 
Started in Automation in the early 90s with XRunner / WinRunner with 
patents around ‘Hybrid-Automation Framework’ in 1999

“sent back in time, to save the world from bad software!”

Enterprise-scale Automation – 17 years ago
Last time built an automation framework (2008 for Lehman’s) founded 
Test Automation as a Service (TAaaS.net) utilizing Test Agents (2010)

Shared Persistent Message Queue Server

Test Controller DevTest Labs

Test Agents
Rule Store

Schedule

History

Real time progress

Test Runner

Dashboard

Dashboard (Measure / Monitor) Scheduler

Scheduler

Test Workbench

Results

Technology Adapter - Coded UI / Ranorex / Telerik

LeanFT / Selenium (W3C) / PerfDriver.io / WinDriver

Generic Data Services Logging

Results Recorder

Microsoft Azure

Billing

Credentials

Asset Loader vNext Build Integration VSTS Integration

Asset Store

Results Recorder

Results Recorder

Scheduler

Azure Cloud Environments

Configuration

Monitoring

Test Criteria - User Data, Load, Geo., Technology etc...

User Data Store

Test Adapter - Accessibility / Load / Regression

/ Penetration / Browser / Platform / Smoke

Test Automation As a Service (TAaaS.net)

Analytics
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Automation Cyborg 

Four Decades in Automation – 30 years ago 
Started in Automation in the early 90s with XRunner / WinRunner with 
patents around ‘Hybrid-Automation Framework’ in 1999

Enterprise-scale Automation – 17 years ago
Last time built an automation framework (2008 for Lehman’s) founded 
Test Automation as a Service (TAaaS.net) utilizing Test Agents (2010)

Building Traditional ML / AI Platforms -  12 years ago
Global ML / AI platforms (Predictive Crime / Smart City Data Exchanges) 
technologies (Humanoid cyber-robotics / Drone swarms / Autonomous I2X)

“sent back in time, to save the world from bad software!”
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Automation Cyborg 

Four Decades in Automation – 30 years ago 
Started in Automation in the early 90s with XRunner / WinRunner with 
patents around ‘Hybrid-Automation Framework’ in 1999

Enterprise-scale Automation – 17 years ago
Last time built an automation framework (2008 for Lehman’s) founded 
Test Automation as a Service (TAaaS.net) utilizing Test Agents (2010)

Building Traditional ML / AI Platforms -  12 years ago
Global ML / AI platforms (Predictive Crime / Smart City Data Exchanges) 
technologies (Humanoid cyber-robotics / Drone swarms / Autonomous I2X)

Building AI-Testing Platforms – 10 years ago
First recognition as leader Cognitive Adaptive Testing (CAT) with Model-
based Testing (MBT) and TDM engines with Traditional ML (TensorFlow)

“sent back in time, to save the world from bad software!”

Automation Cyborg 

100



9

Cognitive Learning – Evolution, Over Revolution (2017)
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Automation Cyborg 

Four Decades in Automation – 30 years ago 
Started in Automation in the early 90s with XRunner / WinRunner with 
patents around ‘Hybrid-Automation Framework’ in 1999

Enterprise-scale Automation – 17 years ago
Last time built an automation framework (2008 for Lehman’s) founded 
Test Automation as a Service (TAaaS.net) utilizing Test Agents (2010)

Building Traditional ML / AI Platforms -  12 years ago
Global ML / AI platforms (Predictive Crime / Smart City Data Exchanges) 
technologies (Humanoid cyber-robotics / Drone swarms / Autonomous I2X)

Building AI-Testing Platforms – 10 years ago
First recognition as leader Cognitive Adaptive Testing (CAT) with Model-
based Testing (MBT) and TDM engines with Traditional ML (TensorFlow)

Building AI-Agentic Testing Platforms – 3 years ago 
Globally recognised as leader in AI Agentic Testing platforms (2025) 
(Gartner & Forrester) for NASA, Apple, Microsoft, Google & Meta

“sent back in time, to save the world from bad software!”

150
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April 1st - I transcended and have been replaced by my AI

<< I was wrong in 2017 around first jobs go by AI
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Phase 3 – Better, Faster, Smarter than Jonathon.AI

Diego Lo Giudice

Phase 3
April 2026



Self Aware & Evolving Cognitive Reckoning AI Fleets
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Question Time – Could AI (Gen 4) do your work for you?
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Question Time – Hands up 

1 Friday … I used my AI Agentic Testing meta-cognitive OS platform to test one of the most 

complex systems in the world for one of the above silicon valley company? 

The Irreplaceable 40%
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Question Time – Done in 60 seconds

2 How about if I said my total contribution of input was less than 60 seconds?

The Irreplaceable 40%



< >
< > HOME   

Question Time – More Real work than 3 Quantum dudes!

3 How about if I told you that it did 3 months of work in a single day? 

The Irreplaceable 40%
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Question Time – 6G, Quantum & Holographic

4 How about if said it was testing 6G Holographic Calling for Google XR?

The Irreplaceable 40%
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Question Time – AI Skills to Pay the Bills

5 What if that 60 seconds of paid your annual salary in one day?

The Irreplaceable 40%



ELT layout

THREE INTEGRATED PLATFORMS EMPOWERING THE IRREPLACEABLE 40% (OPENREQUIREMENTS.AI / OPEN-TESTING.AI / OPENTEST.AI) 

< >
< >

AI Confidence 
Assurance Ecosystem HOME   

OpenRequirements.AI

AI Requirements Engineering

30+ Requirements Engineering

Executable Specifications define, 

design & validate requirements for 

completeness, ambiguity, and 

predictability patterns.

Open-Testing.AI

AI Quality Engineering

30+ Test Engineering agents across 

10+ specialisms with 1,000+ terms, 

100+ techniques, and 100+ templates. 

Context understand of Testing & 

Quality Engineering patterns.

OpenTest.AI

AI Agentic Test Execution

30+ virtual tester profiles for dynamic 

automated detection plus over 700+ 

static checks (i.e., WCAG / OWASP)

OpenTest.AI – The AI-Confidence Assurance Ecosystem
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Are you part of the Irreplaceable 40%?
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AI Wrangler – The Human Overseer‘s Role

eGPUs / NPUs
(3x 5060 16GB)

10+ Screens 
(CUAs)

Min Specs
48GB Unifed or 

64GB 
Visual Studio 

2026 Enterprise 
(Agent SDK)
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OpenRequirements.AI  
powered by ReqQA.AI 

OpenRequirements.AI - Shift (correctly) Left 

https://www.linkedin.com/posts/automation_vibe-requirements-engineering-10-days-effort-activity-7440793873477500928-mN5x?utm_source=share&utm_medium=member_desktop&rcm=ACoAAABaDWgBteZRFkkDXZJpt3Fmr8C_duLoUek
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OpenRequirements.AI  
powered by ReqQA.AI 

/OpenRequirements – Requirements Engineering

D Definitions Are all terms clearly defined?

F Features What features does the system need?

O Outcomes What are all possible outcomes?

S Scenarios What scenarios trigger each outcome?

P Prediction Can we predict every outcome?

A Ambiguity Is the language clear and consistent?

M Missing What has been left out?

A



<< Correct context from 3GPP 6G Standards



<< Correctly identified KPI budgets (M2P)



<< Correctly spotted contradiction in standards



<< Difference spotted and reference real sources
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OpenRequirements.AI  
powered by ReqQA.AI 

OpenRequirements.AI – Powered by ReqQA.AI 

Specification by Example

7 Agents

Transforms DeFOSPAM output into executable specifications, 

living documentation, and Gherkin feature files following SBE 

methodology

Requirement Specification (SRS) 

8 Agents

Generates IEEE 830-compliant Software Requirements 

Specifications with quality assessment across 8 SRS 

characteristics

Requirements Engineering

8 Agents

Applies Tom Gilb's Planguage methodology to quantify vague 

requirements with Scales, Meters, Benchmarks, and Targets

Performance Engineering

8 Agents

Analyzes NFRs across 8 disciplines: Capacity, Latency, 

Availability, Scalability, Security, Usability, Monitoring, 

Endurance

B



<< Identified a living document vault with definitions



<< Neurosymbolic (HULA) to MULA to LULA models
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OpenRequirements.AI  
powered by ReqQA.AI 

OpenRequirements.AI – Powered by ReqQA.AI 

Specification by Example

7 Agents

Transforms DeFOSPAM output into executable specifications, 

living documentation, and Gherkin feature files following SBE 

methodology

Requirement Specification (SRS) 

8 Agents

Generates IEEE 830-compliant Software Requirements 

Specifications with quality assessment across 8 SRS 

characteristics

Requirements Engineering

8 Agents

Applies Tom Gilb's Planguage methodology to quantify vague 

requirements with Scales, Meters, Benchmarks, and Targets

Performance Engineering

8 Agents

Analyzes NFRs across 8 disciplines: Capacity, Latency, 

Availability, Scalability, Security, Usability, Monitoring, 

Endurance

C



<< Unambiguous requirements language generation 



<< Refined KPIs, measurements and tolerances
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OpenRequirements.AI  
powered by ReqQA.AI 

OpenRequirements.AI – Powered by ReqQA.AI 

Specification by Example

7 Agents

Transforms DeFOSPAM output into executable specifications, 

living documentation, and Gherkin feature files following SBE 

methodology

Requirement Specification (SRS) 

8 Agents

Generates IEEE 830-compliant Software Requirements 

Specifications with quality assessment across 8 SRS 

characteristics

Requirements Engineering

8 Agents

Applies Tom Gilb's Planguage methodology to quantify vague 

requirements with Scales, Meters, Benchmarks, and Targets

Performance Engineering

8 Agents

Analyzes NFRs across 8 disciplines: Capacity, Latency, 

Availability, Scalability, Security, Usability, Monitoring, 

Endurance

D



<< Full traceability between requirements and sources
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OpenRequirements.AI  
powered by ReqQA.AI 

OpenRequirements.AI – Powered by ReqQA.AI 

Specification by Example

7 Agents

Transforms DeFOSPAM output into executable specifications, 

living documentation, and Gherkin feature files following SBE 

methodology

Requirement Specification (SRS) 

8 Agents

Generates IEEE 830-compliant Software Requirements 

Specifications with quality assessment across 8 SRS 

characteristics

Requirements Engineering

8 Agents

Applies Tom Gilb's Planguage methodology to quantify vague 

requirements with Scales, Meters, Benchmarks, and Targets

Performance Engineering

8 Agents

Analyzes NFRs across 8 disciplines: Capacity, Latency, 

Availability, Scalability, Security, Usability, Monitoring, 

Endurance

E



<< Identified fundamental hardware limitations of M2P



<< NFR Registry with Requirements Traceability
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AI-Confidence Engineering - AI-Agentic Testing 



ELT layout

AI-Confidence Engineering Lifecycle
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AI-Confidence 
Engineering Lifecycle

Vision Validate Value

AI Requirements
• Risk & Coverage 

Assessment 

AI Engineering
• Design
• Architecture 

Quality Engineering
• AI Agentic Testing 
• Humanoid 

AI Assurance
• Testing of AI-

Infused Systems

Agent-sentient
(control)

Agent-oracle
Agent-researcher

Agent-primer
Agent-generator

Agent-testers
Agent-architect

Agent-insights
Agent-modal

AI-Confidence Assurance

Confidence Engineering
• Confidence 

Asymmetry Principle

Shift Agents
 Left & Right 

AI Agentic 
Testing

Quality 
Engineering

Lifecycle

Engineering 
Intelligence

Agentic 
Cognitive 

Engine (ACE)



<< Agentic Fleet (Gastown-Style) & Swarm 



Multi-modal Agentic Cognitive Engines (ACE)



<< Kiro / Cursor / VSCode IDE Native Support



<< Locally Hosted / AI Foundry IQ (Local) 



<< Bug Hunting (Algo) Fine Tuned Test Models



<< Agent-Primer / Agent-Oracle / Agent-Generator

AI Native Software Engineering – Code Generation 



Context Understanding – Context is King (Tariq)

<< Agent-Sentient / Agent-Memory (RARE/MIRAGE)
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Context Understanding – RARE - Retrieval Modelling 

Open-Testing.AI 
powered by OpenTest.ai

<< Agent-Oracle (Testing Domain) Source: TKBase
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Open-Testing.AI 
powered by OpenTest.ai

Context Understanding – RARE - Retrieval Modelling 

<< Agent-Oracle (Testing Patterns) Source: CoP



ELT layout

A COMPREHENSIVE, CONTEXT UNDERSTANDING TESTING-DRIVEN KNOWLEDGE PLATFORM ENCODING DECADES OF TESTING 
KNOWLEDGE FROM INTERNATIONAL STANDARDS, MATURITY MODELS, AND TESTING CURRICULA.

< >
< >Open-Testing.AI 

powered by OpenTest.ai HOME   

Open-Testing.AI - Software Testing Knowledge Platform

1,105
Testing Terms

ISO 29119, TMMi, TMap, IEEE, 

ISTQB

106
Technique Patterns

Black-box, white-box, experience-

based

108
Output Templates

Across 10+ categories

37
AI Agents

Across 10+ specialized skills

ISO 29119 (7 Parts) TMMi (5 Levels, 16 PAs) TMap (20 Patterns) IEEE Standards (x15)



<< ISO / TMap / TMMi / Auditability (Compliance)



<< Risk-based Testing prioritization  



<< CoWork / Copilot+ / GitHub Desktop Support



<< Generated Test Cases (1k) with Test Patterns (BVA)



<< Test Coverage with GAP Analysis (Data)



<< Go checkout the example sample output 



So are you ready to be part of the Irreplaceable 40%?

60%

40%

Automatable by AI Requires Human Judgment

AI Confidence Engineering
Evaluating AI outputs, identifying false positives, and challenging 
assumptions

Knowledge Workers = Context Understanding
Understanding business context, industry experience, and 
customer implementation overlaying risk implications

AI Assurance Governance
Navigating bias, fairness, transparency, and accountability in AI 
infused systems

Critical Thinking = Cognitive Reasoning
Handling complex AI confidence engineering and ambiguous 
inputs and outputs

The human capabilities that AI cannot replicate in AI confidence engineering
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Future roles for Testers-in-the-loop (TiTls)

AI-Agentic Testing Handle — 60%

▸  Systematic requirements engineering scanning 

▸  Test technique selection of 100+ patterns

▸  Automated test design generation with traceability

▸  Coverage gap detection (4 TMap dimensions)

▸  RAG dashboards and progress reporting

▸  TMMi maturity assessment (113 practices)

▸  Template generation (108 templates)

AI Confidence Engineers Handle — 40%

▸  Business context interpretation and validation

▸  Risk classification and prioritization decisions

▸  Ethical judgment on AI system behavior

▸  Stakeholder communication and negotiation

▸  Exploratory testing with domain insight

▸  Governance framework design and oversight

▸  Legacy interactions with other humanoids 

Confidence Engineering 
by OpenTest.ai





< >
< > HOME   

The Confidence Asymmetry Principle 

When Code Generation Becomes Close to Free

Confidence Becomes the Quality of the Product
AI is collapsing the cost of generating software — not the cost of knowing it is correct. That widening gap is the next AI-native engineering market.

A I  GEN ER A TION    =   C OST → <= 0

Cost per artifact falls to a tooling floor, bounded only by the price of 

compute. It trends toward zero.

A I  VER IFIC ATIO N   —    C OST FLOO RED

Cost per artifact is held above three theorem-grounded floors. It does 

not fall — and rises as systems complexity grows.

T H E  C O N F I D E N C E  B O U N D

C_ver  ≥  [ ( log₂(1⁄ε) + log₂(1⁄p₀) + κ·n^α ) ⁄ 
(I_max · (1 − ρ) ) ]  ×  c_exec ,    with  α ≥ 2 .

Confidence Engineering 
by OpenTest.ai

Source: The Confidence Asymmetry Principle · AI Confidence Engineering (Jonathon Wright, 2026) (https://www.linkedin.com/pulse/confidence-asymmetry-principle-jonathon-wright-liqbe/) 

https://www.linkedin.com/pulse/confidence-asymmetry-principle-jonathon-wright-liqbe/
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AI Confidence Engineering Manifesto  

AI Compute Migrates to Verification Era

As generation cost falls, verification becomes the dominant workload — and AI Confidence Engineering is the discipline that owns it.

≈80% of computation is forecast to be consumed by verification once 

generation is effectively close to zero.

THE ANSWER   —    AI CONFIDENCE ENGINEERING

The discipline that owns the question — do we know enough to ship it?

1 Direct AI at risk, not volume
Verification effort allocated by business value and risk — not spread evenly 

across generated output.

2 Insist on decorrelated evidence
Execution, exploration and monitoring — evidence sourced from outside the 

generator’s own distribution.

3 Evaluate continuously
Confidence does not persist across change — it is re-earned every release, 

never banked.

4 Ship a graded confidence rating
A probability with an interval — an auditable, explainable risk grade for AI-

infused output.

CORRELATED-BLINDNESS PENALTY When AI verifies AI, generator and verifier share blind spots — a “pass” then tracks authorship, not correctness. 
Using a correlated model to test AI-generated code compounds risk; it does not cancel it.

Confidence Engineering 
by OpenTest.ai

Source: The Confidence Asymmetry Principle · AI Confidence Engineering (Jonathon Wright, 2026) (https://www.linkedin.com/pulse/confidence-asymmetry-principle-jonathon-wright-liqbe/) 

https://www.linkedin.com/pulse/confidence-asymmetry-principle-jonathon-wright-liqbe/
https://www.linkedin.com/pulse/confidence-asymmetry-principle-jonathon-wright-liqbe/
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Jank.AI – The solution to AI code generated slop!
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Key Takeaways – AI-Confidence Engineering

1 40% of AI engineering assurance requires human judgment — critical thinking, domain expertise, ethical 

reasoning, and adaptive problem-solving cannot be automated away.

2 Open-source AI agent ecosystems (100+ agents across OpenRequirements, Open-Testing, and OpenTest) 

provide structured upskilling pathways grounded in international standards.

3 Standards-based knowledge (ISO 29119, TMMi, IEEE, TMap) gives teams a common language and measurable 

maturity framework.

4 The workforce model is augmentation, not replacement — AI handles the systematic 60% so humans can focus 

on the high-value 40% that ensures responsible, scalable AI adoption.
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AI Bestselling Book Sequel + WorldDigitalReport.com

Confidence Engineering 
by OpenTest.ai
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The Irreplaceable 40%:
AI-Confidence Engineering
+ Confidence Asymmetry

< >
END   < >



A final thought: AI in 2026
As IT budgets continue to rise, with a projected 3.6% growth in 2026, 
the ability to demonstrate AI’s value, secure business buy-in and drive real 
transformation will define the next generation of CIOs. 

The future will belong to CIOs who take decisive action, those who embrace 
AI with a sharp vision, align it with business goals, and lead with confidence 
to evolve their organizations to AI productive.

Are you ready to shape the next era of AI agentic testing?

< >
END   < >
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