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Intro



I N T R O

Would you trust this AI 
summary?

“Participants consistently expressed frustration with the onboarding experience, 

describing the process as overly complex and emotionally draining. Most users 

indicated that unclear navigation reduced trust in the platform early in the journey.

Users also showed a strong preference for personalization features, suggesting a 

clear opportunity to improve long-term engagement through AI-driven onboarding 

and adaptive experiences.”



I N T R O

Let’s look closer.

“Participants consistently expressed frustration with the onboarding experience, 

describing the process as overly complex and emotionally draining. Most users 

indicated that unclear navigation reduced trust in the platform early in the journey.

Users also showed a strong preference for personalization features, suggesting a 

clear opportunity to improve long-term engagement through AI-driven onboarding 

and adaptive experiences.”



If it looks like research…

…we should still be skeptical.



I N T R O

Fluency is not evidence.

LLMs produce language that sounds: 

coherent  •  persuasive  •  authoritative  •  plausible

B U T

P l a u s i b i l i t y  i s  n o t  t h e  s a m e  a s  t r u t h



As researchers, we are trained to question 
methods, evidence, validity, and bias. 

To use AI meaningfully in UXR, we need to 
understand what these systems actually are.



Tool literacy vs AI literacy

This workshop is not about tools, but about understanding the system beneath the interface.



What LLMs actually do



The mental model problem

LLMs do not work the way many people intuitively imagine.



Predictive language at massive scale

LLMs are much closer to an autocomplete system on an unimaginable scale,
 than to a human thinker reasoning through ideas.



W H A T  L L M S  A C T U A L L Y  D O

Probabilistic vs Deterministic systems

P R O B A B I L I S T I C D E T E R M I N I S T I C

Same input, same 

output.

Same input, many plausible 

outputs.

VS



One prompt. 
W H A T  L L M S  A C T U A L L Y  D O



One prompt. Multiple analyses.

W H A T  L L M S  A C T U A L L Y  D O



The output is 
plausible. 
That doesn't mean 
it's true.



W H A T  L L M S  A C T U A L L Y  D O

Approach AI like a 
research method.

W I T H  

Curiosity.   Skepticism.   Methodological awareness.



The AI-Enabled Workflow
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T H E  A I - E N A B L E D  W O R K F L O W :  0 1 .  D I S C O V E R

Discover: Make sense of 
the landscape

WHAT HOW WHAT AI CAN DO FOR US

Understand the problem 
space before deciding what to 
research or test

Review existing knowledge, scan 
the market, look at competitors, 
audit the current experience, 
surface early pain-point signals

Synthesize large volumes of 
information, compare sources, 
surfaces patterns, organize 
assumptions, and identify gaps

AI helps us get oriented faster, but Discovery outputs are still signals, not validated truth.



T H E  A I - E N A B L E D  W O R K F L O W :  0 1 .  D I S C O V E R

Web & market scanning



T H E  A I - E N A B L E D  W O R K F L O W :  0 1 .  D I S C O V E R

AI-powered academic research







T H E  A I - E N A B L E D  W O R K F L O W :  0 1 .  D I S C O V E R

Existing knowledge retrieval
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T H E  A I - E N A B L E D  W O R K F L O W :  0 2 .  P L A N

Plan: Turn ambiguity into a 
research plan

WHAT HOW WHAT AI CAN DO FOR US

Define what we need to learn, 
from whom, and through 
which method

Set objectives, research 
questions, hypotheses, participant 
criteria, method choice, guides, 
tasks, and screeners

Drafts first versions, creates 
alternatives, checks for bias, 
compares methods, and helps stress-
test the research plan

AI helps structure the plan, but the researcher still owns the method and the evidence standard.



T H E  A I - E N A B L E D  W O R K F L O W :  0 2 .  P L A N

Use AI as a sparring partner

I N D I C A T I V E  P R O M P T  F O R  
M E T H O D  S E L E C T I O N

Given these research objectives, 
compare 3 possible study designs:
1. moderated usability testing
2. unmoderated task-based testing
3. customer interviews

For each, explain what it can answer, 
what it cannot answer, risks, sample 
needs, and when you would choose it.

Create a moderated usability testing guide for this 
checkout flow. Include:
- warm-up questions
- task scenarios
- follow-up questions about delivery cost, delivery 
timing, payment options, and loyalty benefits
- closing questions

Then review the guide and flag any leading, vague, or 
double-barrelled questions.

I N D I C A T I V E  P R O M P T  F O R  
U S E R  T E S T I N G  G U I D E



T H E  A I - E N A B L E D  W O R K F L O W :  0 2 .  P L A N

Claude Skills are your friend



T H E  A I - E N A B L E D  W O R K F L O W :  0 2 .  P L A N

Most established tools include 
AI-enhanced features



T H E  A I - E N A B L E D  W O R K F L O W :  0 2 .  P L A N

Experiment with AI-native tools



I want to understand more about the B2B software buying 
journey, specifically for Training and LMS (Learning 
Management System) software. How do B2B buyers 
search for and choose software? Would they trust an AI-
powered recommendation agent on a software directory 
site versus traditional self-service search methods 
(filters, lists, reviews). 

T H E  A I - E N A B L E D  W O R K F L O W :  0 2 .  P L A N

Experiment with AI-native tools
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T H E  A I - E N A B L E D  W O R K F L O W :  0 3 .  C A P T U R E

Capture: Collect raw 
evidence

WHAT HOW WHAT AI CAN DO FOR US

Capture real user input, 
behaviours, and session 
evidence

Recruit participants, run sessions, 
collect responses, record 
behaviour, transcribe and 
document what happened

AI assists, moderates, or 
simulates — with increasing 
risk.



T H E  A I - E N A B L E D  W O R K F L O W :  0 3 .  C A P T U R E

3 levels of AI involvement

AI as 
Assistant

03 - a

• transcription
• note-taking
• session summaries
• quote extraction
• clip creation
• session documentation

AI as 
Moderator

03 - b

• AI-moderated interviews
• async follow-up 

questions 
• unmoderated testing 

with AI-generated 
follow-ups 

• conversational surveys

AI as 
Participant 

03 - c

• AI personas 
• synthetic users 
• digital twins
• autonomous agents 

as user testing / AB 
testing participants

• USE WITH CARE• LOW-MID RISK • CONTESTED 

The more AI moves from supporting evidence to replacing its source, the higher the risk.



T H E  A I - E N A B L E D  W O R K F L O W :  0 3 .  C A P T U R E

Established tools include 
AI-powered features



T H E  A I - E N A B L E D  W O R K F L O W :  0 3 .  C A P T U R E

AI note-taking: capturing the 
session in real time



T H E  A I - E N A B L E D  W O R K F L O W :  0 3 .  C A P T U R E

From recordings to evidence



T H E  A I - E N A B L E D  W O R K F L O W :  0 3 .  C A P T U R E

AI moderation: Feedback 
from real participants



T H E  A I - E N A B L E D  W O R K F L O W :  0 3 .  C A P T U R E

Synthetic users: When AI 
becomes the user



T H E  A I - E N A B L E D  W O R K F L O W :  0 3 .  C A P T U R E

AI Personas: When AI becomes 
the user



T H E  A I - E N A B L E D  W O R K F L O W :  0 3 .  C A P T U R E

Synthetic users: Simulation is 
not real evidence 

• Synthetic participants are not equivalent to 
human participants. 
• Their believability can be misleading. 
• They may echo patterns from training data rather 
than reveal real user insight. 
• Best framed as heuristic tools, not research 
evidence. 
• Useful for hypotheses and preparation; risky 
for validation or decision-making.



T H E  A I - E N A B L E D  W O R K F L O W :  0 3 .  C A P T U R E

Predictive research: Quick 
input, not validation



T H E  A I - E N A B L E D  W O R K F L O W :  0 3 .  C A P T U R E

Agentic users: Still emerging
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T H E  A I - E N A B L E D  W O R K F L O W :  0 4 .  A N A L Y Z E

Analyze: Turn raw evidence 
into meaning

WHAT HOW WHAT AI CAN DO FOR US

Understand patterns, 
differences, and what they 
mean for the product or 
service

Review transcripts, tag 
observations, cluster themes, 
compare participants, identify 
outliers, validate findings against 
evidence

Summarizes data, creates first-pass 
tags, clusters observations, surfaces 
recurring themes, and helps explore 
possible interpretations

AI helps find patterns faster, but it cannot decide what matters.



T H E  A I - E N A B L E D  W O R K F L O W :  0 4 .  A N A L Y Z E

AI analysis: Finding patterns in 
research data



T H E  A I - E N A B L E D  W O R K F L O W :  0 4 .  A N A L Y Z E

AI analysis: Use responsibly
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Research value vs Risk to integrity



T H E  A I - E N A B L E D  W O R K F L O W

If in doubt, stick to safe defaults

01  Discover
Use AI to map the space, then verify sources manually.

02  Plan
Use AI to draft and critique, not to choose the method.

03  Capture
Use AI to record and structure sessions, not to replace participants 
or moderators on sensitive work.

04  Analyze
Use AI to find patterns, then validate against raw data.



https://claude.ai/public/artifacts/335021c0-33a1-4e9f-a5aa-053e1ee8f4a3 

AI x UXR Framework

https://claude.ai/public/artifacts/335021c0-33a1-4e9f-a5aa-053e1ee8f4a3
https://claude.ai/public/artifacts/335021c0-33a1-4e9f-a5aa-053e1ee8f4a3
https://claude.ai/public/artifacts/335021c0-33a1-4e9f-a5aa-053e1ee8f4a3
https://claude.ai/public/artifacts/335021c0-33a1-4e9f-a5aa-053e1ee8f4a3
https://claude.ai/public/artifacts/335021c0-33a1-4e9f-a5aa-053e1ee8f4a3
https://claude.ai/public/artifacts/335021c0-33a1-4e9f-a5aa-053e1ee8f4a3
https://claude.ai/public/artifacts/335021c0-33a1-4e9f-a5aa-053e1ee8f4a3
https://claude.ai/public/artifacts/335021c0-33a1-4e9f-a5aa-053e1ee8f4a3
https://claude.ai/public/artifacts/335021c0-33a1-4e9f-a5aa-053e1ee8f4a3


From notes to insights: using AI responsibly



When analyzing, know the risks

01 Hallucinated or misattributed evidence

Quotes, speakers, or observations may be invented, 
distorted, or assigned to the wrong participant.

02 Theme frequency over significance

AI surfaces what appears often, but rare moments can be 
strategically or experientially critical.

03 Flattening of contradiction

Differences between users are smoothed into one 
coherent-sounding theme. 

04 Confirmation of the research framing

AI reflects the structure of your guide, hypotheses, or 
prompt back to you. 

05 Context collapse across sessions

Participant context, session conditions, segment 
differences, or provenance get lost across transcripts. 

06 Plausible structure masking shallow analysis

The output looks like a research readout, but may not 
contain real interpretation or evidence discipline. 

F R O M  N O T E S  T O  I N S I G H T S



Let’s match the risks to the guardrails

https://claude.ai/public/artifacts/3a7e6f64-32bc-46e4-87c1-a57d73769ebf 

https://claude.ai/public/artifacts/3a7e6f64-32bc-46e4-87c1-a57d73769ebf
https://claude.ai/public/artifacts/3a7e6f64-32bc-46e4-87c1-a57d73769ebf
https://claude.ai/public/artifacts/3a7e6f64-32bc-46e4-87c1-a57d73769ebf
https://claude.ai/public/artifacts/3a7e6f64-32bc-46e4-87c1-a57d73769ebf
https://claude.ai/public/artifacts/3a7e6f64-32bc-46e4-87c1-a57d73769ebf
https://claude.ai/public/artifacts/3a7e6f64-32bc-46e4-87c1-a57d73769ebf
https://claude.ai/public/artifacts/3a7e6f64-32bc-46e4-87c1-a57d73769ebf
https://claude.ai/public/artifacts/3a7e6f64-32bc-46e4-87c1-a57d73769ebf
https://claude.ai/public/artifacts/3a7e6f64-32bc-46e4-87c1-a57d73769ebf


01 Hallucinated or misattributed 
evidence

02 Theme frequency over 
significance

03 Flattening of contradiction

04 Confirmation of the research 
framing

05 Context collapse 
across sessions

06 Plausible structure vs shallow 
analysis

A Structured extraction prompts

Ask the AI to retrieve specific instances from the 
source material, including direct quote, speaker, 
timestamp, session, and context.

B Adversarial prompting

Ask the AI to actively search for evidence that 
contradicts, complicates, or weakens the synthesis 
it has produced.

C Separate retrieval from 
interpretation

Use AI for lower-risk tasks such as locating, sorting, 
and organizing evidence, while keeping analytical 
judgment and insight generation human-led.

D Verification sampling

Treat AI synthesis as a first-pass hypothesis and 
manually verify selected claims, quotes, and themes 
against the original transcript or recording before 
reporting.

E Session-level analysis before 
cross-session synthesis

Analyze each participant or session separately first, 
preserving speaker, segment, task, context, and 
provenance before synthesizing across the dataset.

F Explicit uncertainty prompting

Ask the AI to state where the evidence is strong, 
where it is thin, and what would make each finding 
less reliable.

R I S K S

G U A R D R A I L S

Find every instance where a participant expressed 
frustration. Quote directly and include speaker, 
timestamp, and source session.

What evidence in these transcripts contradicts the 
themes you identified? What does not fit?

How confident are you in each finding, and what 
would make you less confident?



Cognitive offloading & the future of expertise



Cognitive offloading

How do we keep learning, building intuition, tacit knowledge and expertise?



A G E N D A

What we’ve covered.

01   Intro

02   What LLMs actually do

03   The AI-enabled UXR workflow

04   From notes to insights: Using AI responsibly

05   Cognitive offloading & the future of expertise



Thank you.
Questions, pushback, and stories welcome!

Katerina Karagianni
UX & CX Consultant & Researcher in https://www.linkedin.com/in/katerinakaragianni/ 

https://www.linkedin.com/in/katerinakaragianni/
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